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Study on WEB Page Classification Fusion Model
Zhang Xiaodan, Liang Bing, Wang Li, Bai Haiyan, Lv Shijiong, Xiao Jing / Institute of Scientific and Technical Information of China, Beijing, 100038

Abstract: For higher text classification precision, a general feature layer fusion classification model and algorithm are proposed, based on model theory of information
fusion, adopting multi-information of the network for different classification, text and image information are used in the paper. The model includes two layers mainly, one
is feature layer, which deals with different Media information with different classification algorithm, and inputs the classification results into the higher layer fusion centre
separately. The other is decision layer, which deals with the results from the feature layer, and concludes the final classification result. The experiment expresses the fusion

model can improve the text classification precision effectively.
Keywords: WEB page classification, Information fusion, Fusion model, Information retrieval
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