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Visualization Analysis of the Achievements in International Big Data Domain

WANG YiBo', GUO Xin’, WANG JiMin®
(1. College of Information Engineering, North China University of Technology, Beijing 100144, China;
2. Department of Information Management, Peking University, Beijing 100871, China)

Abstract: With the explosion of Internet data, the era of big data is coming. Taking WoS (Web of Science) as data source, this paper analyzes the key words of big
data domain through co-word analysis, and determines periphery structure of co-word network by using social network analysis, which visually shows co-word network.
We divide the research topic of this field into 14 groups by applying clustering analysis, and reveal the core research topics of big data field by combining with strategic
diagram, thus to provide some experience and reference in theory and application of big data.
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