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Status, Focuses Evolution, and Fronts of Big Data Research

LIU Fei', NIU LiHui’, JIN ChangBo’
(1. Xinjiang Medical University, Wulumuqi 820054,China; 2. Department of Economic and Management, Shanxi University, Taiyuan 030006, China;
3. Guangzhou Medical University, Guangzhou 511436, China)

Abstract: This paper did bilio-metric and visual analysis for documents of big data field in Web of Science during 2009 to 2014 year. Using CiteSpace II to analyse
distribution of authors and their cooperation, institutions and countries as well as map up keywords co-occurrence analysis and references co-cited analysis, the results
pointed out that big data research field is in a boom period, large gap exists between different countries, America is the center and main force of the field, China is
relatively substantial in this field, but still to need further development. The hot points vary from cloud computing in 2009 to personal privacy in 2014, and there are three
aspects of frontiers, i.e. big data related technical research, the transformative effects of big data research and the negative effects study big data caused.

Keywords: Big Data; Visual Analysis; Map-Reduce; Personal Privacy

KR : 2015-05-16; Zwif: F75%)

20155565 (R 1338) 67



