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TG 75 AL A ARAFEVE R TR Y, Lis%
i S AE 26 AR BE AL UG & FE . KA A A
RIRRAER o B S50 FH 4% PR B AL 3 S B SC7= S VTR
(77 T (RNEEZR RORLE ) W Az 4, 4R 8o,
CREFXS SOV IR 3E A7 2 38 ZO s 42 48 AN 5 SCVF e 1)
BERGOU RAZ AL R 2 S AR, AT Ak R B
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Allocation) APPSR kT S H O sY E, 1
TE SR N B R A Lu {8 FHpLS A X4 S AR
ATER R R A IR, MERFIL g L=
JCH< 1A, 151i1E> (head team , modifier) ““'. LDA
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A Survey of Subjectivity Classification and Aspect Extraction in Fine-Grained Opinion Mining

CHEN Feng
( Department of Information Resource Management, Business School of Nankai University, Tianjin 300071, China)

Abstract: The key steps in fine-grained opinion mining are subjectivity classification and aspect extraction . By reviewing of domestic and foreign related research,
the formulated definition of the opinion and aspect is made and the reasons of the low recognition rate are summarized. and then the advantages and disadvantages of two
kinds of methods( based on rules and statistics ) are analyzed. It is found that the semi-supervised machine learning method is a research trend. This paper proposes to
strengthen the research on linguistic rules and the ontology of opinion, to expand the application fields and make the comprehensive utilization of the results.
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