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Image Diversity Retrieval Based on Semantic Distance of Tags
ZHANG ZhenYu'"?, DING Heng'?, WANG RuiXue'”, LU Wei'”
(1. School of Information Management, Wuhan University, Wuhan 430072, China;
2. Center for Studies of Information Resources, Wuhan University, Wuhan 430072, China)

Abstract: With the explosive growth of image resources on the internet, the need for image diversity retrieval is becoming stronger. Comparing the visual
characteristics and context description using the image diversity retrieval, this paper discusses the effect of different semantic distance algorithms (WordNet. ESA and
Google Distance) in image diversity retrieval. At the same time, an image diversity retrieval algorithm has been provided in this paper, which based on the best of the
semantic distance algorithms.

Keywords: Semantic Distance of Tags; Social Tag; Image Diversity Retrieval; Semantic Similarity
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