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Study on the Key Technology of University Library’s Big Data Based on Hadoop

YE ChunLei
(Library of Beijing University of Agriculture, Beijing 102206, China)

Abstract: In order to solve the problems that the distributed storage of the massive data, the distributed management of the diverse data sources, the simple and
flexible application of the big data services in university libraries in China, this paper proposes a framework of the big data technology in university libraries based on

Hadoop. The framework builds the distributed storage of the mass data, the distributed management of the diverse data sources and the diversified service processing.

The technical framework can solve the key technical problems of the big data service of university libraries to a certain extent.
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