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#11: We propose a SVM based method for text
categorization.

FE eI, 2Ty “SVM”, AT RUAE RS
fE“SVM” “a” “propose” “based” “method”
“propose_a” “based method” -

“SVM” NEKEIA, aTAR FIRE “UPPER:
TRUE” 1 “LOWWER:FALSE” .

AN ERFRERL BE i 4, B B IR HRAE AL, KAL) 36 3
ANHURFE, 73 3 R 2 A 58— TR 4L B e — A
PSR A K

PABIN 5 ) A7 B, bRy B2 i) 4 H 24
174 “SVMbasedmethod” Itf, ATLIAFE] “FIRSTWORD:
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This paperpresentsa SVM based model

present
This paperproposesa SVM based model
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use weemploy SVM
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AR A Ay R 7 s
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P(i| content)

(1)NNLM

SUM

l

(2)CBOW

(3)Skip-gram

Pl 3 MR M4 = BRI = A X

Word2vec ¥ R & [ & 78 LR SCHmT S 4R 1:,
XS LDAS I AR B XM, ATt 2 AR SO,
Word2vecti M 1] T 45 “propose” Al “present” —4
BOE I AREAS 23, DX AN ald B B 2R U BT
Pt R

A FHACMUHR BB 08 S 14 EE AR A 91
BE, XHE AT A) Y04y, 7 HStanfordPOS Tagger
XA FICARBAT AR, R EIIZRIERE T, A3

RN 2], TE5E ) g5 i R s 2R 45 SR i AR B 1]
WVE, 1320 SE AT RN R R

Sl AR R E VL, B ENAIC 56492, FB45y 1]
VBN L Un IS Ffr s o
IR BT AU R AR BEAT AL T, R KRR
R R HI B o XX LAy, AL FlWord2vec T
BEAR LRI T RE T RIS, AR HE W E M1 000.
WIERBARTEANE @A 51138 (B =2 000D , MR [E

8 R B AN SRERER /N 258MB. 2345 tH—2%1ERL TRV AE Word2vec 5 A4 SRR 45 R S8 Al bR 45
AR BT iERL, AU I Word2vee TR IHAT
® 3R RHRED
We present a SVM based method
We_ PRP present VBP a DT SVM_NN based VBN method NN

Algorithm 1 FEHE& 5 A K 38 H A HbuildChunk GraphNode(G, word,node)

Input: FHAELEUT, B{Eth, F{EmaxCount, F{EmaxSize, iililinitword, word CIEIRII % Flist (WILh HZS)

Onput:
1: Finitwordfil Alist
2: while list}< /% /N T'maxSize do

3:  forallifi.word in list do

4:  Zarray Nl word R 5XHH LM A/ NIEF # A maxsize 3R 515
S: for i=0; i<array.length;i++ do

6: A1l temp Marray (155110 E

7: if temp [Flword HAHELE /N T th HListHHC B KT 1
8: break;

9: end if

10: ifi1 R temp RHEMAUT then

11: [FUTH A IR X word Flitemp

12: end if

13: end for

14: end for

15: threshold+=0.1;

16: end while

P 4 RN fa e SRR HTE
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Tsai /7 A FIRESE T E AR, 5 Guptad iE/E 1T
AR R, 2 R A T Tsai )7 v B E T T3 FFEE™
TsaiJ7 23 F Bl 1] TR A 27 5356 i — 52 EER A UG
FCAFAE, SR 5 2 2143 BRI DL R IR Y 78 R 73], S
X, LUK 78 fh TR AU R AR A, BRI
bR TAE

S 9 S

5.1 s EcPE

AR S o B S AR UG IR AR H T VA RICR o SEER 3L

A A A A A Gupta S $2 HH 1 E s 41

S B A 1 E SR RN AC M WAL 111200
FaTTRHURL 2 £ 068 ST, 6 1 ST b RN 4% 2 535
HEAT N Thrid, driEbi B, B s 2 a4
1 0024 A)7, Horr, BRic oy “n) @i 1) 4210 ZHE A 604
AN, FRACN “HIRT AR HECNT 0594 Guptai s
AR R G B RIE TACLER 2, Gupta®hniE 14745
SR P 4 ERRR A, AR L A BT Guptakdid (1)
ARG =N JohR g, A STAUE A g e
H“T7VE” I Gupta$idi £ i i) T 8092 647
AN, Horh, BRI “IRIRR” TR BN 3 8514, ARt
TR P A4 0429

5.2 SLHRE

Hp AL B FE 1 FHOpenNLPHEAT A 7 V) 43, i
FHIE [A) e R VLB R S AR AR 3L (R 131 9174 AR D
X SCAHAT ARG U, 18 A Stanford POS Taggerf X
ABEATRPERRYE, {8 FStanford Parser Xt A1) F BET )1k
73T

FEAS [F) R H 4 4R b, B HEAT B 3 AR i 1R B2
WA B8 K AR NbRiER TG, TX)
GuptaZf s 5 K AR BE AT FRid . RO E it 4k
N ARV & 20, 1 GuptaZii s 48 78 s by 2 I
AT N THRVES

AL FICRF T HIIZRCRFA AL, #ti1h
AP L2, cutf-of I M1, VRIS H Fdr
X U7, BUGEBEN R4 R iF i hyper-
parameterZ: £ H T AL RO IIAR, & 4 i 1 &5
SRR IR A SR 0 TR PRI T b o v A
HEZHFUAE,

5.3 sEI s Ktit
5.3.1 BEEEE S SRR

ASCHR I TR F B 5 PRI S R AR
4o MVFINES KA, J7 i 2R3 AR ROCRAE =R b
EHREAL T R RS RN IR RCR . R R AR L, T
AR BIRCR AL, BRI L, R
IR R RAR R AR

AR EE L H s 4R KR T AR 2 R
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] BEZE/Y% HETER/% Fl
J7 ik 0.584 0.667 0.622
i 0.397 0.582 0.454

J7EIEATS EE . Gupta Fl Tsai iy 1430 34 T 55 Hl R 2R s
Peth, fEX PSRBT, B IR B LA RS e
L4 B ) B 28 SE IR UR o AR B AR R Gupta Al
Tsaifs FH I PEIN A & T AN A O WF 78, R, Gupta
A Tsaizs L B DL S B0 E A RE BN H
WX U, 753 @# 8 B AT 7% 5 Gupta Al
Tsai AT ELER B B

5.3.2 Gupta# #la LIS BROR

FEGupta$itdi 4 _F AT PRI A 85 R AR ST R

% 5 FEGupta i dE B3R5 R PFIINRCR

7 & ia] &
HETRE/%| BEIZE/%| F1 |EFEER/ % BEE/%| Fl
Gupta 0.305 | 0467 [0369| 0276 | 0.575 |0.373
Tsaiet 0482 | 0488 |0.485| 0440 | 0473 |0.456
KRILTE | 0.542 0.448 |0.489| 0.517 0.477 | 0.495

PP 25 5, A SCHE I 7 e R BI I F 144
P FIE A 4 b (1 25 AR e e FEH B1 284845 L, Tsai
()7 18 R B U 1 Gupta fE 1) @R 5 BS54
122, BT, ASCHE H I 712 240 T Gupta fl Tsai
17 %

AT I 7 VAR T 2 R [l R AN 2 1)
£370.489810.495F 1{E, MAXHERE, X—RIMIF
ANGFo AR TR E UL AR, EIX—BE e b, N TARER
—E AU 0.723,

6 4ih

SEARICAAE SCHI R A Ji 3 SCAR T SCHR 3 R 3R
HY B R R o B B SIS AR SCAR T SCHI ARG AR
HH b 3 P A AR T BB A 2 AR SCAR 1) 5 7 VA D g
FIRITT e SIS R, 1277 R AT 4R
BBCR o BEAN, ASCIEAR H—Fh 3 T Word2vec ) 2l 1]
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Automatic Recognition of Term Function in Academic Text for Semantic Publishing

CHENG QiKai'”, LI Xin'?
(1. School of Information Management, Wuhan University, Wuhan 430072, China;
2. Information Retrieval and Knowledge Mining Laboratory, Wuhan University, Wuhan 430072, China)

Abstract: To enhance the development of semantic publishing of academic text, it is necessary to do more research on writing/publishing model and academic
text understanding. Text understanding is a key technology for the semantic processing of academic text, especially stock academic text. This paper proposes a
method for term function identification of academic text based on CRF model and term function analysis framework. Twenty-seven features (such as morphology
features, syntax features, and chunk-based features) are employed in the sequence-labeling model. Experimental results show that the method obtains better results
than the state of the art.

Keywords: Term Function; Semantic Publishing; Sequence Labeling; Academic Text
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