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A New Method of Topic Detection in Hybrid Policy Documents Based on PIG

ZHAO YiFang PEI Lei KANG LeLe
( School of Information Management, Nanjing University, Nanjing 210023, China )

Abstract: In hybrid policy documents, a number of policy topics being mixed in context may not be completely extracted or computed by the former
algorithms based on featured terms. Thus the paper tried to propose a semi-supervised subject classification method and a subject intensity calculation
method based on paragraph information gain. In methodology test, 31 provincial government reports issued in 2018 were chosen as test samples, and a
significant relevance was observed between automatic topic identification and expert tagging.
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