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Construction of Scientific Knowledge Graph by Integrating Thematic Knowledge and Scientific Literature

LI Jiao' SUN Tan™ HUANG YongWen' XIAN Guolian’ LUO TingTing' ZHAO RuiXue'’
( 1. Agricultural Information Institute of Chinese Academy of Agricultural Sciences, Beijing 100081, China; 2. Chinese Academic of Agricultural Sciences,
Beijing 100081, China; 3. Key Laboratory of Agricultural Big Data, Ministry of Agriculture and Rural Affairs, Beijing 100081, China )

Abstract: In order to solve the problem of the separation of scientific literature and subject value, this paper proposes a method to construct knowledge
graph that deeply integrates scientific literature, scientific activities and other scientific research objects and thematic data resources, and constructs
including. A scientific ontology with journal article, journal, scientific research institution, and researcher as the main scientific research subjects, is
developed through the subject association, and the subject of “machine learning” is selected to construct the thematic scientific knowledge graph, then the
graph management and query verification are performed based on the graph database Neo4J. The thematic scientific knowledge graph constructed in this
study can support complex graph query of factual issues with single-entity/property or multi-entity, and effectively reveal the relationship between thematic
and scientific literature, which shows certain application value and can provide new ideas and directions for intelligent knowledge service.

Keywords: Scientific Ontology; Thematic Data; Scientific Knowledge Graph; Complex Graph Query
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